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Abstract. In this work, we aim at extending our previous findings on a meso-scale SEIRQD model for the spread
of COVID-19. The model and its extension are based on the division of the total sum of the living population into
different compartments and the virus contraction and recovery dynamics are formulated in a coupled system of
PDEs. This system is to be solved by a Least-Squares Finite Element Method and the results will be compared to
actual real-life data gathered on the spread of the virus in Germany to evaluate the accuracy of predictions com-
puted with our method. We opt to extend the SEIRQD model by incorporating the growing group of vaccinated
individuals. Based on the knowledge on the efficiency of the various vaccines currently in use, we chose to im-
plement this new factor with a certain backflow of vaccinated individuals to the group of exposed individuals to
mimic a failure rate, where the vaccination has not been successful.

Keywords: COVID-19, least-squares finite element method, SEIRQD

1 Model

The point of departure is the meso-scale SEIRQD model for the spread of COVID-19 presented earlier this
year in [1]. There, our model assumes that the total living population is divided into five initial compartments: the
susceptible population S(x, t), the exposed population E(x, t), the infected population I (zx, t), the recovered pop-
ulation R(x,t), the quarantined population Q(x, t), the deceased population D(x), and now, newly, the additional
group of vaccinated individuals V' () is added. Following [2], we denote by g, v the asymptomatic contact and
recovery rate and (r, yg are the infected contact and recovery rate. Moreover, following [3]], the deceased group
is linearly dependant on the quarantined group and infected enter with a quarantining rate §. The inverse of the
incubation period is o, and a backflow of recovered but not immune individuals is implemented with 7. The new
parameters associated with the vaccination are the vaccination rate pu, the backflow of “failed” vaccinations is
called ¢ and successfully vaccinated individuals are considered “recovered” with a flow rate of y.

The infection dynamics are implemented in certain in- and out flows of the respective compartment groups. Here,
we will only focus on the explanation of the new parameters associated with vaccination and its effects on certain
compartments, for details on the other compartments and rates we refer to our previous work [[L].

We introduce functions ¢; sufficiently smooth on a simply connected domain 2 — R2. For a certain time
interval considered, ¢;(x,t) with € © x [0, T] represents the compartments for the formulation of the coupled
PDE model fori € {S, F,I,Q, R, D,V}. To take a closer look at the dynamics between groups associated with
the vaccinated individuals, we follow [4]] and assume that the vaccinated and susceptible have a dependency on
each other. The vaccination rate p directly affects the susceptible group, as vaccinated individuals are, to a certain

CILAMCE-PANACM 2021

Proceedings of the XLII Ibero-Latin-American Congress on Computational Methods in Engineering and
1l Pan-American Congress on Computational Mechanics, ABMEC-IACM

Rio de Janeiro, Brazil, November 9-12, 2021



Least-Squares Finite Element Method for a Meso-Scale Model of the Spread of COVID-19 with vaccination

extent, considered safe from contracting and also passing on the virus.

0 0
I o o _
S V atqﬁg = uS, atd)v +=us (1)

However, considering the limited efficiency of the vaccines, a certain backflow has to be taken into account, as
some individuals might still contract the virus.

¢ 0 0
V>E —¢y —=(V, = =qV 2
5% —=¢ 508 t=¢ 2
The successfully vaccinated individuals are considered “recovered”.

v 0 0
v 2R E(ﬁv =V, aﬁbR +=wV 3)

According to our model, the total of the living population is the sum of all the compartments and thus we
note

n(z) = > bi(x, 1) (4)

i€{S,E,I,Q,R,D,V}

and implement an Allee effect which expresses that outbreaks of virus contractions tend to occur in large population
centers with

0
§¢S(mat) = _f(¢57 ¢E7¢I7n<m)> (5)

and (65, 0w, br,0(2)) = (1= 525) (Bros (@, 001(w, 1) + fpds (w,1)6p(, 1)) with constant parameter o
under the assumption that ¢, are smooth enough to define partial derivatives in space and considering the space of
weak derivatives H'!(Q).

Now for [0, 7] the time interval to be considered and ¢ € V = L%(0,T, H*(9)))", also assuming the

population fields are sufficiently smooth, the model consists of the following system of nonlinear coupled partial
differential equations over 2 x [0, T :

£ 0s(@t) =non(e,1) + V- (n(z) vs s (,)

(6)
- (1 - n(‘;)) (Brs (@, 001 (@, 1) + Bbs (@, Don(@, 1)) — pbs(@. 1)
Con(at) = (1 - 7,;;)) (Bi9s(@, )01 (@.t) + Bpos(@,)ox(@.1))
0@, t) — ubu(@,t) + V - (n(@) veVén (@, 1)) @
+ Cov
%qﬁ;(m,t) =o¢g(x,t) —dor(x,t) — yror(x,t) + V - (n(x) vV (x,t)) (8)
%M(% t) =0¢1(z,t) — ypdq(x,t) —19de(x,t) + V - (n(z) voVeqg(z,1)) )
%QZ)R(mat) =vrér1(x,t) + yedp(T,t) + vQdq(x,t) —nor(x,t) + V- (n(x) vrVor(x,1)) (10)
+7V¢V(mvt)
£ 60(2,1) =10éa(a, ) ar
L vl 1) =nos(a, 1)~ wov (@, 1) Cov (12)

The model is summarized in Figure[T]
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Figure 1. Flow chart depicting the regulating parameter (functions) for the respective compartments of the popu-
lation ¢; (i € {S, E,I,Q, R, D,V}) and the new vaccination parameters 1, ¢, Yy .

This system of PDEs can be rewritten in a more convenient vector-matrix notation as ¢ = (¢s, ¢&, ¢1, 9Q, dr, ¢b, qbv)T,
v= (Vs,VE,V],VQ,I/R,VD,Vv)T, f(¢p) = (—f(qb),f(qb),O,O,O,O,O)T, and the parameter matrix

—u 0 0 0 n 0 0
0 —o—vp 0 0 00 ¢
0 o —6—n 0 0 0 0
P=1o0 0 5 —v9—vp 0 0 0 (13)
0 B VR 7Q -n 0 v
0 0 0 D 00 0
% 0 0 YD 0 0 —wv—¢

Define D = n(x)diag(v) and set o = n(x)diag(v)V¢ = DV¢. Then, o is a vector-valued function with
components in the space H,y(div, Q) := {7 € H(div,Q) : 7 - n = g on 9Q} with a Neumann boundary condition
g on the boundary I = 9 of (2. Thus, o lies in the discretization space 3 := L?(0, T, (H,(div,2))7).

We define an auxiliary matrix with just two entries in the first line, namely Sr and S; and the rest zeroes and
multiply it with the factor (1 — &)

0 0 ... 0
B=(1-%) e (14)
n Oe R6><6
-
to then use the definition of f in (3) and get f(¢p) = (—¢TB¢, ¢ Bog,0,. .., O)
Then altogether we obtain
0
;ﬁ¢=P¢+fw0+V~a. (15)

To now discretize in time, an implicit Euler scheme with time step 7 and old time solutions ((/l\), o) is used to
formulate the first-order system as

R(p.0:h,0)= (¢ 0T TOTIDET AN (16)

o —D(¢)Ve

Our Least-Squares Finite Element method aims at a least-squares minimization of R (¢, o; &, o):

CILAMCE 2021-PANACM 2021

Proceedings of the XLII Ibero-Latin-American Congress on Computational Methods in Engineering and
11 Pan-American Congress on Computational Mechanics, ABMEC-IACM

Rio de Janeiro, Brazil, November 9-12, 2021



Least-Squares Finite Element Method for a Meso-Scale Model of the Spread of COVID-19 with vaccination

search (¢p,0) € V x 3, such that for all (¢, 7) e V x &

R@.0:3.5)| < |Rew.7:6.5)] a7

2
0,0

2 Finite element discretization and Least-Squares Method

For simplicity and clarity of notation, the finite element discretization of the Least-Squares Finite Element
Method is observed for one fixed Euler time step 7. For a triangulation 7;, of 2, we state the minimization problem
(T7) in a finite-dimensional subspace V;, x %, € HY(Q)7 x H,(div,Q)": search (¢p,, o) € Vi, x X, satisfying

2
‘OQ (W, 7h) € Vi X S (18)

~ 2 ~
HR(¢h7 Oh; ¢ha o-h)HO Q < “R(wlza Th; ¢h7 Uh)

We choose Vj, = P1(T3,)7 as the standard Lagrange element and X, = RT°(7,)" n H,(div,Q)7 the Raviart-
Thomas element space accounting for the Neumann boundary condition prescribed by the function g. For the case
k = 0 and n = 2, the classical Raviart-Thomas function space of lowest order is given by

RTY(T,) :=={qe P*(T):VT €T, JacR*IbeRVze T, q(z) =a+ bz and VE € £(Q), [¢]g - np =0} .

At this point, the evident advantage of choosing a Least-Squares Method for this problem is that it does not require
some sort of compatibility of the two discretization spaces and thus many problems of theoretical nature can be
avoided.

Due to f being a nonlinear function of ¢, the discrete problem (I8) is a nonlinear least-squares problem that
is solved using an inexact Gauss-Newton method of the type of the Gauss-Newton Multilevel Method from [5]].
As this method requires a residual-based stopping criterion, we define the residual for the iteration in step k as the
simple scalar product

res(@l.0) = (R (1.0 30,84) T @D o] . (1)

J is the Fréchet derivative of R in the direction [t),,, 7] € V3 x Xp. Note the dependence on the old time
solutions (¢},, &), as the method performs a fixed-point algorithm in each time step. The next aim is to calculate

J.
As the nonlinearity is concentrated in the term f(¢) we define

Ro(¢,056,5) = R(p, 03 6,8) — 7 (£(¢),0) (20)

in order to simplify the notation and set 7 = 7. For the derivative associated with the variables o and ¢ we obtain

. ) .
N I (e %RO(QZ)—I—&/J,T;Q{),&)Q e

0 ~ .
%R(@U +01;¢0,0) =
0-0 T =0\ —pvy

The analogous directional differentiation in the three components ¢g  ; of the function f gives the total derivative

0
@f@ +0y) = (1 - 3) (Br(ostr + ¥sor) + Be(dsve + YsdE)) . (22)
9=0 n
Using matrix B as defined in (I4) and rewriting in matrix notation gives
ot 0w)| = (67BY 1 wTBS) (-1.1,0,....0). e3)
6=0

Finally, the Fréchet derivative is the sum of the two equations in and 23):

A~ . _ _ T T
Tl = | T T(P'”D;f B +97Bo)) 24)
-
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With the help of this Fréchet derivative (24), the nonlinear least-squares problem (I8)) can be reformulated to the
equivalent variational problem

(R(bn o), T(Dn, 1) [%n: Th]))oo =0 V(b Th) € Vi X i (25)

Successive approximations for steps k& and = (dg, ,0,,) are obtained by minimizing the linear least-squares
problem

2
]:(57 ¢h(k)7 U/L(k)) = HR (d)h(k)a a'h(k)) +J (¢h(k)7 U}L(k)> (SHO Q (26)
and minimizing F' in V}, x ¥, is equivalent to the variational formulation

(R (qﬁh(k),ah(k)) e ((ﬁh(k),ah(k)) 5,7 (¢>h<‘“>, ah<k>) p) —0  Yp=(,, ) e Vi x . Q1)

0,0

The main theorem in [S]] states that a stopping criterion based on a particular residual

s, o) < xn[R (o, o) (28)

»
can be used with X a parameter independent of the step-size h, if the iterative method at hand converges uniformly
with respect to h. Thus, our breaking condition for the Gauss-Newton scheme is

res(¢)”, o)) = (R (1,01 160 ) . T (61 01) [0, 1) 29)

0,9

and the method stops as soon as the residual satisfies with A = 0.2.

3 Parameter Fitting

The parameters mentioned in Section E] are fitted in a sense that in our first work [1]], we have worked with

real-life data on political measures taken to slow the spread of the virus. Thus, we assumed that o, S5 1, 6, 1 are
linearly dependent on some indicator (x, t) which implements political measures taken in affected areas. In our
previous work [1]], we designed this indicator with the help of data on flight reduction gathered and made publicly
accessible by the Federal Statistical Office of Germany (see [6],[7]). Obviously, the vaccination rate y is also
dependent on political measures in terms of availability of vaccines and their distribution and the data considering
the vaccination rate is found on the website of the Robert-Koch-Institut [8]].
Parameters that are assumed not to be dependent on political restrictions are constant in time. While linear de-
pendence is a restriction that is important to mention, many established SIR-type models are based on a linear
incidence rate such that this ansatz is expected to give first adequate results. Extension to nonlinear functions are
expected for follow-up works.

4 Numerical Experiment

The aim of the experiment is to check whether the vaccination rates in Germany provided by the Robert-Koch-
Institut [8] fits the modification of our model. The experiment is two folds: we first used the provided vaccination
rates and observe the predicted cases of infection. We start the prediction at March 01, 2021. In Figure 2] a
small overestimation can be noted but the model seems to be able to generally take a vaccination rate into account.
Secondly, we let the vaccination rate p vary in time, fit it with the predictions and compare it to the vaccination
rates. Again, a small overestimation can be observed in Figure 3] but roughly our model is able to incorporate the
vaccination rate.
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